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2. THE ONTOLOGY-MATCHING PROBLEM

3. SIMILARITY MEASURES



4. THE GLUE ARCHITECTURE

Distrib ution-basedSimilarity Measures
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4.2 Multi-Strategy Learning
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5. RELAXATION LABELING

5.1 RelaxationLabeling
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Constraint Types Examples

Two nodes match if their children also match.
Neighborhood | Two nodes match if their parents match and at least x% of their children also match.
Two nodes match if their parents match and some of theindastealso match.

Union If all children of node X match node Y, then X also matches Y.

Domain
Independent

If node Y is a descendant of node X, and Y matches PROFESSOR, then it is unlikely that X matches AARSFESBOR |

Subsumption If node Y is NO a descendant of node X, and Y matches PROFESSOR, then it is unlikely that X matches FACULTY.

Frequency There can be at most one node that matches DEPARTIGENIR.

Domain-Dependent

If a node in the neighborhood of node X matches ASSOCRPRBFESSOR, then tishance that X matches PROFESSOR

Nearby isincreased.

6. EMPIRICAL EVALUATION

5.2 Constraints




# instances . max # # manual
. # non-leaf . max # instances . )

Taxonomies # nodes depth in children mappings

nodes at a leaf
taxonomy of a node created

Course Catalog Cornell 34 6 4 1526 155 10 34
I Washington 39 8 4 1912 214 11 37
Course Catalog Cornell 176 27 4 4360 161 27 54
I Washington 166 25 4 6957 214 49 50
Company Standard.com 333 30 3 13634 222 29 236
Profiles Yahoo.com 115 13 3 9504 656 25 104
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6.1 Matching Accuracy



6.2 Performanceof the Relaxation Labeler

6.3 Most-Speci c-Parent Similarity Measure

6.4 Discussion
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8. CONCLUSION AND FUTURE WORK
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